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Abstract

The objective of this study is to investigate the mechanisms of Big data - based business model development 
in Chinese standard industries. Deductive reasoning as well as case analysis were employed to evaluate 
manufacturing businesses in China and confirm the devices. This process created an integrated 
framework with 3 components: Business model perspectives, processes together with big data driven 
company model advancements. Three Chinese businesses put the framework on revealing that business 
model development is a constant and growing process impacted by big data. Nevertheless, the study 
shows that limitations have a small sample size, that is typical in qualitative studies. Ideally, businesses will 
develop a solid infrastructure that combines the internet of things, traditional manufacturing methods 
and front end buyers. Furthermore, management must make sure that their organizational structure, 
climate, and human resources are well prepared for the transformation.
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Introduction

E-commerce and technologies facilitate the new technology-oriented economy on information. The 
development of remote sensing, cloud computing, social media, mobile technologies, and payment 
methods has led to "big data." This exponential growth in information is going to double every couple of 
years from 2012 to 2020 and reach forty trillion gigabytes at over 5,200 gigabytes per person. While 
there are disparate studies on data model innovation and big business, this paper makes a crucial 
connection between the 21. This particular study has added a completely new dimension to the source - 
based viewpoint by contextualizing the valuation components of an enterprise model and additionally 
providing an integrated framework for the theoretical lens of worth2.
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Industries which have existed for a long time can continue to be disrupted by the use of big data in the 
new technology-oriented era. This may occur unexpectedly, as seen in the rise of on-demand taxi services 
as Uber and Didi in China. Driverless 3D and cars printing may also disrupt the automotive manufacturing 
industry3. The use of drones with particular directions loaded because of data consumption could change 
tractors in the farming industry. Large data not only leads to better services and products, but also shows 
that unexpected and new competition can arise in any market, even conventional ones4. In reality, big data 
can even create completely business models, as seen in certain industries. In China, conventional industries 
make up eighty % of the gross national product, along with seventy % of national financial revenue.

From 1990 to 2015, China's manufacturing business increased from under three % to almost a quarter. 
Nevertheless, China's rising wage expenses have prompted a drop in the comparative advantage of its 
labor-intensive manufacturing industries5. In response, the federal government has centered on 
productivity and innovation to keep its competitive edge. In 2015, the federal government unveiled the 
"Internet plus" technique to encourage new technology-oriented transformation & increase economic 
development. Furthermore, the federal government has caused the adoption of big data and cloud 
solutions to further market new technology-oriented business transformation in crucial industries as 
retail and manufacturing. China, as the next largest consumer economy, cites the domestic market as a 
major opportunity6.

Big information is an invaluable aid in the current market and can bring considerable change to 
standard industries. Nevertheless, the use of big data in China's conventional industries remains in the 
early stages of its. To accelerate economic development, these industries should come across innovative 
internet business models and collaborate with emerging industries6. Big information is described as 
datasets that are very large for common database software to deal with, and the purpose of it is to extract 
value from massive, varied, and often acquired data. Because of its 4V feature, it's considered an 
intangible advantage, which involves cost-effective and innovative processing for awareness and 
decision-making. Love patents, models, along with a company's reputation.

Big data isn't just collected incidentally, but demands intentional investment to achieve success. 
Businesses should protect their information assets to exploit the revolutionary power of big data, and 
also reap industrial advantages. Industry experts see large details as a means of removing understanding 
and transforming it into useful services and products. Although the scientific community ideas big details 
as a possible asset, practitioners tend to focus more on the predictive potential of its for commercialization. 
A virtual information benefit chain involves gathering, synthesizing, selecting, organizing, and 
distributing information. These strategies depend on research of Hartmann et al. (2016) and George et al. 
(2016)5, 6.

Utilizing large data will be the last stage in the virtual information value chain, in which great is 
discovered through connected links. The starting point of this particular chain begins with gathering and 
storing information, followed by processing it to acquire valuable information, and ultimately use it for 
benefit realization7. Information compilation involves mining and integrating both external and internal 
details, while information storage involves aggregating the collected information onto a platform for 
simple input and output. Information processing uses innovative technologies to assess and cook the 
information, discovering greater insights and knowing the value8. Information software uses the analysis 
benefits to help complicated decision-making, enabling development in business models. Nevertheless, 
the whole benefit chain isn't an end in itself. To get a genuine effect on the company, businesses need to 
create details as a driver for transformation.
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Literature Review

The new technology-oriented economy requires businesses to satisfy info requirements and identify 
demand, as mentioned by Rai and Klein (2009) and Fawcett and Waller (2013). Based on a survey by 
PricewaterhouseCoopers (PwC) in 2015, eighty % of CEOs believe that data mining and analysis are 
essential for their organizations. Big data can offer useful insights and transform business methods, 
models, and decision-making processes across companies and functions7.

The resource based perspective (RBV) implies that a company's intangible and tangible information 
produces a distinctive identity and ethos, as well as the processing of these materials determines its 
competitive advantage (Barney, 1991; Rumelt, 1997; Loosemore and Goh, 2017). Monetary resources 
help support a company's growth, operation, and establishment, while physical energy includes raw 
materials, equipment, tools, products, along with buildings used to produce services and goods. Human 
resources consist of people who add their commitment, capabilities, and skills to the company's 
workforce2, 8, 5.

Based on Bontis and Choo (2002), intangible property is inclusive of the data and knowledge of 
workers. Ng's (2014) 3 parts of worth (benefit discovery, realization), and creation align perfectly with 
Chen (2012), as they both use the same theoretical lens of worth (Ambrosini and Bowman, 2000) to 
address the topic of business models9. In a regular product centric economy, the connection between the 
3 parts is pretty weak. However, in the new technology-oriented economy, the parts have become much 
more firmly linked, and changing 1 portion can influence the additional 2 (Ng, 2014). Benefit discovery 
requires determining scalable & commercially viable possibilities by collecting info on changes in the 
firm's social, technical, financial, or maybe political setting (Cheah et al., 2017). Benefit realization 
entails achieving material and operational utilization effectiveness, and also recording brand new revenue 
streams, with great data offering substantial possibilities for efficiency, productivity, revenue, as well as 
profitability gains (Nie, 2011)8.

Based on Manyika et al. (2011), operational efficiency upgrades could possibly conserve more than 
€100 billion (or near 1dolar1 149 billion) running a business expenses. Realization, discovery, and the 
creation of worth tend to be interconnected facets of business model innovation, as checked out by 
Morris et al. (2013) Chen and (2012). Conventional industries, as outlined by Han and Park (2006), are 
generally dominated by vendors and depend a lot on scale and substance science8, 5, 4. These industries 
often prioritize specialized balance and labor severeness to reduce expenditure risk, often favoring 
established solutions with a definite return on investment. Nevertheless, relying on standard technologies 
might restrict their ability to offer high value, and also focus on a tiny variety of demand, as competitors 
are likely to use related modes and technologies of operation. In China, conventional industries have 
largely relied on imitative development to create technologically (Liu and Yu, 2013).

Fig 1. Data-driven decision-making research model
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Despite China's innovation methods, they continue to lag behind due to the fast developments in 
technology, resulting in obsolescence. The growth of big data hasn't merely provided rise to new 
industries, but has also brought about a groundbreaking transformation in standard industries. This 
involves firms making considerable investments in infrastructural and physical assets to manage the 
exponential rise in information collection, processing, storage, and analysis. So, job procedures, skill 
sets, along with job descriptions of staff members, will need to be redefined, resulting in an alteration of 
the anticipated competencies of organizational structure and human resources. As the infrastructure and 
structure of firms shift, the ability of the best management team to anticipate and react to big data threats, 
as well as opportunities to innovate their business model, becomes important. The study builds on the 
three-perspective business type by Morris et al10.

To produce a brand new or even improved business model, it's essential to first identify and evaluate 
opportunities with an active search procedure. This involves collecting and analyzing related data to 
determine customer worth, and that is the preparatory stage which detects market trends. By analyzing 
operator behavior and preferences, companies can locate the target audience of theirs and determine 
opportunities to generate value. When a brand new service or product thought is conceptualized, it's 
essential to develop a commercially feasible business model to produce value. Enterprise model 
development is recommended from a strategic viewpoint to facilitate the value development process. By 
implementing big data to sensible issues, businesses can innovate, and bring about transformational 
improvements.

Companies can work with big data to enhance their processes, or even collaborate with new partners 
for revolutionary solutions. The Oslo Manual of OECD defines large data driven new developments as 
service or product, marketing, process, or maybe organizational innovation. This particular study aims 
to answer 3 questions: What exactly are the elements of large data driven innovations by standard 
industries? Just how are these factors connected? What's the causal logic involving them? The study 
strategy entails describing floor patterns and explaining heavy mechanisms working with the case study 
technique. Based on the China Statistical Yearbook 2016, the manufacturing business contributes to 34.5 
% of China's GDP, even though the retail and wholesale business contributes to 9.7 %.

In this particular research, we examined effective businesses with followed large details for business 
model innovation in standard industries. We selected probably the most representative companies 

Fig 2. Framework for data driven business model
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utilizing purposive sampling based on 2 criteria: the company should be a major influencer in its field, 
and the data of its must be publicly available to reflect the company model innovation process. We 
selected Haier Group Corporation and Suning Commerce Group as illustrations from the consumer new 
technology-oriented and household devices manufacturing business, along with Suofeiya Home 
Collection as a good example from the retail and wholesale business. The analysis of ours of these 
instances revealed that big data is used dynamically and progressively to find, build, and also realize 
worth in the company model innovation process. For instance, Suning's item group used big data to find 
worth in the cooker hood industry at different stages.

Methodology

The group behind Suning, a Chinese new technology-oriented retailer, conducted research on the need 
for cooker hoods by examining both unstructured and structured data from different sources. They 
learned that conventional cooker hood, as well as side suction items dominating the marketplace, didn't 
provide a good experience for users. Although intended to optimize smoke absorption effectiveness, the 
lower height of these items restricted the assortment of motion for cooks, which makes it hard to prepare 
several dishes concurrently. Suning discovered that users needed cooker hoods and side suction products, 
which not only functioned well, but also made cooking a pleasurable experience.

The item team at Suning confirmed their assumptions about the issues computer users encounter with 
cooker hoods. Throughout this particular point, they visited physical product sales outlets to interview 
both list customers and staff. This helped them validate their understanding of their requirements, the 
problems they encounter with present items, and also their expectations for future products. After 
validating the need for their product via crowdsourcing and customer care personnel, the product group 
shared their observations with the design team. The design team then used the brand new information to 
redesign their products, aiming to produce value for users. Using the analysis outcomes on estimated 
operator demand, the item group explored feasible technological remedies with cooker hood companies. 
After they'd identified solution alternatives to users' issues and needs, the team conducted many field 
surveys to validate their hypotheses about their solution options.

Fig 3. Principles of data driven business model innovation
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Findings

Suning, a business that employs lots of data, was able to produce modern products, but also redesign 
their supply chain to promptly manufacture and provide cooker hoods that catered to their customers' 
inclinations. This resulted in Suning standing out there in the industry, gaining considerable market 
share, and making money from their innovative business model. The utilization of information produced 
requires that they drive innovation and creativity in their value chain, like the establishment of new 
distribution and sales channels through social networking, and decreasing manufacturing lead times 
from months to a few weeks. Suning also managed to enhance their operational efficiency and maximize 
their profits.

The rise of mobile communications and computing has led to the growth of e-commerce businesses, 
such as Amazon and Alibaba, where customers can find lower prices and greater convenience than 
conventional brick-and-mortar stores. Businesses that rely entirely on physical stores are affected, as 
even more buyers turn to internet stores. Nevertheless, technical developments in online, IoT, and big 
data can also offer standard businesses opportunities to participate with owners in new ways.

Right after analyzing Suofeiya, Haier, and Suning, we've identified 3 main principles that companies 
usually use to achieve considerable innovation in regular manufacturing industries that stick to the B2C 
model. The first concept is to use the important information benefit chain to establish market demand, 
which is essential for earnings. To assess market demand, a business may collect data from different 
sources, including private and public domains. Suning and Haier, for instance, collect consumer 
information like use captures, purchasing preferences, and responses from buy transactions with both 
offline and online retailers. These businesses also use superior computing methods to promptly collect, 
procedure, and analyze information, pinpoint business opportunities and refine existing versions. 
Overall, this particular paper contributes to our understanding of how traditional industries can innovate 
their business models using big data as a vital resource in the new technology-oriented economy.

Different elements, like changes in the market, a brand new business atmosphere, and market 
potentials, drive business model innovation. Scholars agree that a consistent strategic strategy is needed 
to make value for customers and achieve company growth. To do this, it's essential to recognise customers' 
latent requirements and create business methods and channels. Lately, big data has played an important 
role in finding possible customer requirements, creating importance with new & services, and getting 
them via social networking. Nevertheless, present studies on big business and data model innovation are 
disconnected. Putting together the Resource Based View, the study of ours of 3 instances reveals that big 
data is an invaluable resource of both economic and intellectual resources, which could allow companies 
to maintain their competitive advantage and innovate their business models.

Conclusion

The paper of ours establishes a tremendous connection between big business and data model innovation, 
which may serve as a guide for future exploration of the RBV. From the analysis of several business 
cases, it's evident that conventional manufacturing industries could leverage big data and cloud 
technologies to revolutionize their business practices. We've identified 3 managerial implications in this 
regard. For starters, users can provide useful innovative ideas when given an open and convenient 
platform to talk about their feedback. Suning's next generation Fardior seven cooker and Haier's shrewd 
air-conditioners, which simulate all-natural winds, were both influenced by consumer ideas. Second, 
front end list staff & distributors may also bring about new business ideas.
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An incorporated framework for large data driven business model (DDBM) development was created 
depending on the job of Morris et al. (2013), Chen (2012), plus Hartmann et al. (2016). By collecting and 
analyzing large data, businesses can find market demand and opportunities for value development 
through business models. Price reduction could realize this particular value, or even discover new 
revenue streams. With continued use of big data, businesses can perfect their current business models to 
maintain their competitive advantage. Nevertheless, the study is restricted by the small sample size of its 
as well as exploratory research method.

The tasks of finding, creating, and also realizing great are intertwined with new developments in 
merchandise, organization, process, and advertising in the world of big data as well as website 
management. Future studies must check out how companies can outsource non core details while 
protecting against consequences like information loss, alteration, unlawful utilization, or maybe leakage 
through authorized mechanisms1. Nevertheless, in the extremely competitive Chinese markets, possibly 
new and improved services can be copied. To address this particular problem, big data startups provide 
secure and modular items that allow corporate customers to extract and incorporate info into special 
brands. The usefulness of these big information innovations deserves additional attention in future 
studies.
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